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Word Semantic Similarity Computation Based on HowNet and CiLin

ZHU Xinhua, MA Runcong,SUN Liu, CHEN Hongchao
(College of Computer Science &. Information Technology,Guangxi Normal University, Guilin, Guangxi 541004, China)

Abstract; A word semantic similarity computation method based on the HowNet and CiLin is proposed in this paper.
First, according to the characteristics of sememe hierarchical structure, an edge weighting strategy of monotonic de-
creasing curve with flat top and steep bottom is used in the HowNet part. In the CiLin part, a special method of tak-
ing the distance between words as the main factor and the branch node quantity and branch interval as micro— ad-
justable parameters is used. Then, according to the distribution of words, a dynamic weighting strategy of consider-
ing both HowNet and CiLin is used to calculate the final similarity, which greatly expands the computable range of
words and improves the computation accuracy of word similarity.
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